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Introductory Note

% These slides are the slightly modified version of the slides I
actually used in JWLLP-23.
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Motivating QQuestions 1/2

+ Whatis acceptability?

% (Too) many people say (too) many different things about it.

+ but they tend to confuse definitions with descriptions.

<+ What factors alfect acceptability?

+ Some people say there are (too) many factors that affect
acceptability, thereby suggesting that there aren’t such things
like “unacceptable sentences™.
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Motivating QQuestions 2/2

% As far as | can see, nobody has ever tried to observe
acceptability using a large, unbiased set of stimuli in a
realistic setting.

+ Virtually, all previous investigations into acceptability were
confirmatory.

+ How to get out of confirmation bias and obtain a general

(enough) theory of acceptability?
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Ultimate Motivation for ARDJ

% To answer the last question, we need a reference behavioral data, which
should allow us to pose questions like:

+ “How is acceptability “shaped” in a mult-dimensional possibility space?”
+ What do we need?

+ We first need to try to describe acceptabilities as they are, before trying to
explain them.

%+ Our work is done in the case of Japanese, but the adopted methodology is
expected to be applicable to any other languages without drastic modification.

% This talk 1s an initial report of a pilot study we ran this summer.
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Design features of ARDJ

+ Acceptability Rating Data of Japanese (ARD)) 1s a work in
progress to provide such a reference data, with the following
features:

+ Requirement 1. using as unbiased stimuli as possible
%+ Requirement 2. finer-grained, rather than simple acceptable or not

+ Requirement 3. larger-scale

% They are explained briefly below, in turn.
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Requirement 1: Unbiasedness

+ Motto: Go exploratory to avoid the two modes of confirmation bias.

+ We need to do away with two kinds of bias that affected virtually
all previous studies of acceptability.

+ First, acceptability ratings by linguists are biased and unreliable.

+ All categorizations by professionals, i.e., stake-holders, are theory-
laden, and therefore inevitabley biased.

%+ Second, used stimuli are unsystematically designed and too
opportunistic.
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Requirement 2: Finer-graimedness

+ Motto: Go finer-grained and more realistic to overcome
underanalysis.

+ Simple acceptable/unacceptable dichotomy isn’t enough to see what
acceptability really is.

%+ ARD)J uses 4-point scale for resolution:

% (0) perfectly fine, (1) deviant but easy to understand, (2) deviant and hard
to understand, (3) incomprehensible

% This follows the format of forced choice task and is a finer-grained
version of YES/NO choice.
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Requirement 5: Large(r)-scaledness

+ Motto: Go better-grounded to overcome small number
clfects.

+ Judgements by a few people are just too unreliable to
generalize properly, even if they are experts.

+ Desirably, we could have 100’s of responses to every single
stamulus.
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What to talk about today

+ Data preparation

% especially on how (potentally) deviant sentences were
generated nearly automatically

+ Experiment
+ Analysis/Results and Discussion

+ Future plans

© Kow Kuroda
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Findings or take-home messages

% Main claim: Normal people do not simply classify stimuli
into dichotomy: deviants or non-deviants.

% Rather, their responses have three classes:

+ normal stimuli (= without deviance) and two subtypes of
deviant stimuli, though we are not yet able to characterze their
diffrence.

% To my suprise, simple classification of responses by

mutation types revealed no differentiation.
© Kow Kuroda 12



Data
preparation




How to systematically generate deviant
sentences near-automatically? 1/2

+ For stimuli for acceptability rating, we need:
% as many sentences as possible of as many kinds as possible,

% and to generate them in least biased ways.

+ (Consequences

+ human-generation is a misfit for systematic generation of
stimuli.
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How to systematically generate deviant
sentences near-automatically? 2/2

<+ Solution to this

+ Semi-automatic generation of (potentially) deviant sentences from normal
instances, 1.e., seeds

+ Implementation via mutation-like random modifications with the following
steps

% 1. Human (linguists or not) construct normal or subnormal sentences (originals)
O, for “seed” sentences.

% 2. Randomly apply mutation of specific kinds to instances of O and get their
modifications M.

+ 3. Filter M, if necessary.
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Procedure

%+ () were constructed by:
+ 1. selecting 9 verbs from NINJAL-LWP (for BCCW]), and

+ 2. lexcially filling 4 pre-specifed patterns/constructions whose verbs
are one of the 9 verbs above

% M were constructed from O by applying
+ one of the 3 types of lexical replacement, or

+ phrasal displacement of a randomly selected pair of nominal phrases

(bunsetsu)
© Kow Kuroda
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9 Verbs Selected

% |D correspond to the frequencies of
NINJAL-LWP data.

+ 22: ik (17 <) [go]

* 26: shiru (F1 %) [know]

+ 44: kan-jiru (& C %) [feel]

% 116: kotae-ru (& 7. %) [answer]

% 326: damaru (E5 %) [be(come) silent]

% 338: makeru (L} %) [lose]
© Kow Kuroda

+ 377: wawaru ({50 %) [carry,
propagate, get through]

* 1147 shirivau (1D +5 9 : VV-

compound) [know each other]

© 1197: kansen+suwru (&G +9 % NV-
compound) [acquire, contract, catch,

develop (a disease)]

% | have very much to say about how |
selected these verbs, but I don’t have
enough time.
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4 Constructions/Patterns used

* Pl:_-ga_-de_-ni _-to V-(shi)ia % Gloss: Nominative + Instrument/Locative
+ Object/Result + Goal/Place + V
% Gloss: Nominative + Instrument/Locative
+ Goal/Place + Committive/Manner + V + example: s197: Kanojo-ga tegami-de
shinjitu-wo fui-ni shit-ta.
+ example: s111: Douryoo-ga shitumon-de
aite-ni ina-to kotae-ta. * P4: _-ga_-de _-kara _-wo V-(shi)ta

* P _-ga_-de_-ni _-wo V-(shi)ia <+ Gloss: Nominative + Instrument/Locative
+ Source/Material + Object/Result + V

% Gloss: Nominative + Instrument/Locative
+ Goal/Place + Object/Result + V + example: s71: Horyo-ga jinmon-de

chuuseishin-kara himitu-wo damat-ta.
+ example: s151: Kazokudure-ga

shiohigari-de umi-ni kai-wo sagashi-ta. <+ | have much to say about how | decided on
these 4 patterns, but I don’t have enough
* P3:_-ga_-de_-wo _-niV-(shi)ia time.
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lypes of Mutation

+ Lexical
+ p-type: case-markers are replaced.

+ replace a (randomly) selected word/

morpheme of a targeted POS for a % Positional
randomly selected similar word of e
the same POS, and do so recursively + s-type: exchange the positions of a
randomly selected pair of NP (or
% Subtypes: PP), and do so recursively.
% n-type: nouns (including + Note
adjectival nouns and bases of
certain adverbs) are replaced + Python scripts for these
modification were developed and
% v-type: verbs (excluding will be available at GitHub.

auxiliaries) are replaced
© Kow Kuroda 19
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2 1 10131-p3-3 n RBWAHRE TFESOVERBAUPREFICIRLU, [n-changed]
| 3 | 2 21147-p1-3 o BEADRETERRDEANCE2>DUVEMYEST=, [original]
4 3 30022-p4-1 n FEBESNA I TERALSERETOE, [n-changed]
| 5 | 4 40377-p1-3 s BETAYE—-OBEELHEFICEDOE. [swapped]
6 5 51147-p1-1 s RS TS BEARPICHYES. [swapped]
| 7 | 6 6 1147-p1-4 s BICEALBSRITETHVE . [swapped]
8 7 7 0338-p2-1 o TORBISRXE TR THFICEIHAZAITE, [original]
9 | 8 8 0044-p3-2 v BRENT—PDJTLSUSLEEZAICE LR/, [v-changed] p-changed%&TIE
10 9 9 1147-p4-1 s BRFBFHRORMSEEVDFHELEENDETHMYE [swapped]
| 11 | 10 01147-p1-1 p KIS TREPICEANMUE S, [p-changed]
192 191 11197-p1-4 v AEA—IVAIWABFEETRYMNI—IICB4LEEY [v-changed]  p-changed%iTIE
193] 192 2 0116-p3-3 n ZANRTHEBRESEZIRAICERL. [n-changed]
194 193 3 1197-p1-3 o IASBERTA 7T FICREEBRLL, [original]
195, 194 4 0326-p1-1 s [ERICEDFRVIBTENNAEEIER O/, [swapped]
196/ 195 50377-p1-3 o Ayt—C NBETHFICELEDOE. [original]
197, 196 6 1147-p1-1 n ROEIBTHRICELMUE S/, [n-changed]
198 197 7 0026-p3-2 p BUSFHETRARSAEICH /. [p-changed]
199 198 8 0040-p4-2 s EFZOVLENSEBEFOOEVNVEESNHETHA . [swapped]
200 199 9 1197-p1-4 o  AUEA—IIMNABTEBTRYNI—SICB 4L [original]
201 200 00326-p1-1 o ENETORVBTIERICKAZEEILK O/, [original] p

202|

Samples of 200 stimuli

Date
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Data preparation in summary

+ 33 originals were selected. Type Count Ratio

% 167 mutations were
generted via either n-, v-,
p- or s-type modification,

so that we had 200

sentences 1n total.

< The size of sumuli, 200,
was determined on the
number of available
participants.
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Fxperiment




Partiton and Randomization

% 200 stumlulus sentences were divided into 10 groups of 20
sentences via random partitioning, thereby giving grQ, grl, ...,

ar9.

<+ 4 difterent versions, A, B, C and D, were constructed from each
group, so that the stimuli appeared in four different orders

<+ This was done to reduce order eftects.

+ We thus had 40 cases of materials: grO-A, grO-B, gr0O-C, gr0O-D,
grl-A, ..., gr9-A, gr9-B, gr9-C, gr9-D. They were randomly

assigned to participants.
© Kow Kuroda 23



Task

% Part 1: 10 questions for social attributes
<+ 3. feel rather awkward and find

% Part 2: Rating task (main) goqble u)nderstanding (degree 2
cviance

< Instructions: “This is a task to rate the _ _
naturalness of sentences below. To + 4. completely incomprehensible

each of the 20 sentences given, give a (degree 3 deviance)
rating for comprehensibility on the
following scale from 1.” + Note
% 1. perfectly fine (degree 0 deviance) + We didn’t ask if a particular sentence
is acceptable or not, which turned out
% 2. feel somewhat awkward but find to be both question-begging and
no trouble understanding (degree 1 under-specified.
deviance)

© Kow Kuroda 24



2 XOHKRI 2T % #E

DIFIZRT 21220020 FNDX % EVRL 20 %2F2THFIW, 1,2,3,4DWVT )
DT % 3EATOTHATE I,

2.1 | Z DA RIS THE PMHFECRLEAEEZ AT -,

1OEMEZ L 2. @2 IEE 2 3R RE 3. EMIE 2 KU CHMBNEE 4. AEARZSCTHEEARE

2.2 |FEBIEDNA 7 TIEHD & R 21T 72,

1OEMER L 2. @02 EC 2 058 RE 3. @M 2 U CHEINEE 4. ABALSCTEMEARE

/

2.3 |FADNEEMLTA v 7 VT U FITHKIE &G L 72,

/

OEMER L 2. @2 2 058 EAEE 3. @Mz R C CHBNEE 4. AEALRSCTEHMBEARE

2.4 | PALDIBAT TR T D 6K 2 BT 7,

1OEMER L 2. @2 EC 2 58N RE 3. @M 2 KU CHBINEE 4. ABEALSCTEEARE

/

2.5 |REMEHHZAELETPRELHG TERAETICAT 7,

LOGREA L 2 GRUEERL 2 0ERITHE 3. WAIEE KU CIMREE 4. R AL SCCREATE

bl
/

2.6 | F—F X v kT Z RN I,

1OEMER L 2. @2 2 58N RE 3. @M 2 K C CHBNEE 4. ABARLSCTEEARE

/

SHE 4T AN 3
@ KOW Kuroag /u\/\ k ;IE%? ﬁf(fT%TE %[] D SN/

N T = . ) NPT ERE 2 =Ry 2 2 ycz>TIN AT =T O YT 2 =YY o T 27T T e 7 1 HEDh 2. e~ T 277 7OV



10 attribute collected as social
attriutes (to be used 1n future)

+ 1) age [number]
+ 2) sex/gender [f/m/other]

% 3) native place [number encoding
prefecture]

+ 4)if Japanese is the rater’s mother
tongue [Yes/No]

< 5) if the rather has lived in other
country or countries for more than
one year [Yes/No]

© Kow Kuroda

+ 6) the number of foreign languages
the rater has learned [number]|

% () the total length of foreign

language learning [number]

%+ ) if the rater has a frequent contact
with non-Japanese speaking
foreigners [Yes/No/Don’t know]

<+ 9) the number of books read in a
month [number]

+ 10) years of education [number].
26
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Participants

+ HExperiments were conducted in three places: Tokyo, Gifu and
Fukuoka/Kyushu.

+ We had 251 participants (93 participants in Tokyo, 109 in Gifu, and
49 in Fukuoka/Kyushu).

% All participants were students of university or college.
%+ We had effective 216 responses in total.
+ 30 responses were removed after validating all the responses.

<+ Note: some corrections to our subumission to LREC 2018.
© Kow Kuroda 28



Some statistics of raters/participants
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Analysis and
Results




Encoding and Analysis

+ KEncoding

% For each stimuli, probability distribution over four value ranges, [1,0],
12,1), [3,2) and [4,3), was calculated, and used as encoding vector.

+ Tried analyses
+ Hierarchical clustering

+ /-means clustering

<+ Wetried casesof 4=4., 5,6 and 7.
© Kow Kuroda 31



Two mstances of
random sampling (n=20)

+ They look the same.

% This was what we expected. (Yes!)

© Kow Kuroda
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Responses to o-type stimuli

Comparison by

edit type 1/5

—]]] =114 ] ]9 = 23 s—126 129 132 146 149

158 170 193 195 199 200

+ Comparison of originals (above) Responses to n-type stimuli
and nominal changes. .

0.8

+ They look the same. .
04
03

% This was what we didn’t expect. 0

0.1

p[1,0] pl2,1) p[3,2) pl4,3)
—]  Sm—7  ew—]) Sw— e—] e—]0 Gw—)) w—)C ww—DC w—]
—13 el e—1 m—() -] G—(0 E—GY GO ew—C  e—
3] emm—gl emmeg] () ew—(( e—O8 ] () w—1 ()3 s—1 04 w112

Wl © Kow Kuroda —] 1§ o—1 ] 7 ] 25 w— 27 s ] 3 < 140 S 147 s 6] 164 165

P - -na - -“m s -no - -n -




Responses to o-type stimuli

Comparison by

edit type 2/5
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158 170 193 195 199 200

+ Comparision of originals (above) Responses to v-type stimuli
and verbal changes v
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+ Again, they look the same.

0.4

0.3

% This was what we didn’t expect.
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Responses to o-type stimuli

Comparison by

edit type 5/5

1]l ee——114 ] ]9 =] 23 =126 129 132 146 149
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+ Comparison of originals (above) Responses to p-type stimuli
and case-marker changes .
0.6
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Responses to o-type stimuli

Comparison by

edit type 4/6

1]l ee——114 ] ]9 =] 23 =126 129 132 146 149
158 170 193 195 199 200

+ original (above) and swapping/ i Responses to s-type stimuli
phrasal dislocation Iy
! 0.5
+ All over again, they look the same.
i 0.3
i 0.2
|
|

% This was what we didn’t expect.
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Comparison by edit type

+ Overall, no significant differences were recongized among
different types of edit/mutation.

% This result was totally unexected, honestly.

+ [ expected otherwise.
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New Questions and Directions

<+ (Questions
+ (1. Are there qualitatively different subsets of responses?
+ (2. How to identfy them, if any?

% Actions

+ (o exploratory!

© Kow Kuroda
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Hierachical
clustering

+ All responses (213) are
clustered by Ward method (with
Fuclidean distance).

<+ There seem to be different
response patterns.

+ But hierarchical clustering
hardly describes how they relate

to each other.

+ We need another approach.

© Kow Kuroda
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k-means Clustering

<+ We tried casese where A=4., 5, 6 and 7 and concluded the
case of £=6 gives the best result for analysis.

© Kow Kuroda

40



2D representation of the Cluster solution (k=4)
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123

2D representation of the Cluster solution (k=4)

Clustering of

k=14

<+ Looks underclassified

+ failing to identfy transitions
+ between C1 and C4

<+ between C1 and C3

<+ between C3 and C4
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2D representation of the Cluster solution (k=5)




2D representation of the Cluster solution (k=5)
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2D representation of the Cluster solution (k=6)
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2D representation of the Cluster solution (k=6)
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2D representation of the Cluster solution (k=7)
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2D representation of the Cluster solution (k=7)
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2D representation of the Cluster solution (k=6)
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Partial orderings of domimant
response ranges

+ Leftis more dominant than right.
+ C6.1:12,1]1>[1,0] > [3,2], [4,3] (mild deviance 1)
+ (C0.2:12.1]1>[1.,0],[3,2], [4.3] (mild deviance 2)
+ (6.3:[1,0], [2,1] > [3.,2] > [4,3] (slight deviance)
+ (G6.4: [4,3],[2,1]> [3,2] > [1,0] (strong deviance)
+ C6.5:[1.,0]>1[2,1]>[4,3] > [3.2] (no deviance)

<+ (6.6:(2,1],13.2] > [1,0], [4.3] (mild deviance 3)
© Kow Kuroda
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Edit type proportion by Clusters
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Proportions of edit types i Clusters
2D

<+ (6.1 of deviant stimuli

%+ (6.4 of deviant stimuli
+ contains fewer examples of o-, p- and v-

types <+ contains significantly more examples of

v-type, significantly fewer examples of o-
+ (6.2 of deviant stimuli type, relatively more examples of n-type
% contains significantly more examples of % (6.5 of normal stimuli

s-type, relatively more examples of n-

type, and relatively fewer examples of v- % contains no examples of v- and p-types,

type and significantly more examples of s-
and o-types

+ (6.3 of deviant stimuli
+ (6.6 of deviant stimuli
+ contains significantly more examples of
o-type and relatively more examples of + contains examples of all types equally

n-type
© Kow Kuroda 52



Pairwise (dis)similarity by Kl.-

divergence

* Mostsimilarpairs Ce.1 Y Cosy Coda Cosy CoE
+ C6.1and C6.3

+ (C6.2and C6.1

+ Rather dissmilar pairs

+ (C6.2and C6.5

+ C6.4and C6.5

+ Most dissimilar pair

+ (C6.6and C6.5
© Kow Kuroda




Response curves
in Cluster 6.5

+ Interpretation

Wil

% This cluster collects responses
to stimuli with no deviance.

© Kow Kuroda
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Examples of C6.95 stimuh
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Response curves
in Cluster 6.2

+ Interpretation

% This cluster collects responses
to stumuli with mild deviance (of

category 1).

)1 © Kow Kuroda
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Examples of (6.2 stimuli
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Response curves
in Cluster 6.4

Responses in Cluster 4 @ 6
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+ Interpretation
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category 2). e 13 128 135 10— 13— 150162
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Examples of (6.4 stimuli
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LT

%

IZ5E L D) 7
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Response curves
in Cluster 6.1

Responses in Cluster 1 @ 6
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+ Interpretation

0.1

% This cluster collects responses

to mildly deviant stimuli. 39 g it g ) 3 sy i i

—]3 e—r] —y3 w—0] w—05 —104 w—109 w—116 w—120 w—121
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and C6.2.
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Examples of C6.1 stimuli
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Response curves
i Cluster 6.3

+ Interpretation

% This cluster collects responses
to stimuli with mild deviance.

< This cluster is a mixture of C6.5
and C6.4.

Oll © Kow Kuroda
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Examples of C6.35 stimuh

* A2 R] ) THERS 72 24
21T 272, [o-type]

e MADEIE CTRHED 5
w2 B L 72, [n-
typel

« [EEVDVERTHFIZE

LATE > 72, [v-typel
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+ B TR & AHT
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* RFEX

+ o-type DHEIEDIE Y, v-
type D HIEDMENLA
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Response curves
in Cluster 6.6

Responses in Cluster 6 @ 6
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03

+ Interpretation

0.2

0.1

+ This cluster collects responses
to stumuli with mild deviance (of
mixed categories).

—134 136 137 138 155 157 w158 167 168

< This cluster 1s a mixture of C6.2 N R ———

and C6.4
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Examples of C6.6 stimuh

+ HEBEIHEETELLDZFE  « FHED
R T EE e o [t TEA
typel

+ H 0D

VR S T 2 =

272, [s-typel
soE CRENDM R &

+ HhDNE[A] D THERS % 2242 IS 2l o 7, [s-typel

T 72, [v-type]

AR * P

+ HAZEF D REFLHS TH
S H THRAETICRT 7, + v-type DEIEDIE N, n-type
[p-typel DEEDID 75\
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Discussion

2D representation of the Cluster solution (k=6)

+ Finding .

+ ltwas suggested that G6.2 and
(6.4 represent distinct classes/
dimensions of deviance. 7 -

< (Juestions to address in future

+ How do they differ?

+ What do they represent?
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Patternwise Comparison




4 Constructions/Patterns used
‘repeated)

* Pl:_-ga_-de_-ni _-to V-(shi)ia < Gloss: Nominative + Instrument/Locative
+ Object/Result + Goal/Place + V

% Gloss: Nominative + Instrument/Locative
+ Goal/Place + Committive/Manner + V + example: s197: Kanojo-ga tegami-de
shinjitu-wo fui-n1 shit-ta.
+ example: s111: Douryoo-ga shitumon-de
aite-ni ina-to kotae-ta. * P4: _-ga_-de _-kara _-wo V-(shi)ta

* P _-ga_-de_-ni _-wo V-(shi)ia <+ Gloss: Nominative + Instrument/Locative
+ Source/Material + Object/Result + V

< Gloss: Nominative + Instrument/ Locative
+ Goal/Place + Object/Result + V + example: s71: Horyo-ga jinmon-de
chuuseishin-kara himitu-wo damat-ta.

+ example: s151: Kazokudure-ga

shiohigari-de umi-ni kai-wo sagashi-ta. <+ | have much to say about how | decided on
these 4 patterns, but I don’t have enough
* P3:_-ga_-de_-wo _-niV-(shi)ia time.

© Kow Kuroda 68



Proportions of patterns
in Clusters 1/2

. Pattern proportions by clusters
% Proportons of 4 patterns differ for clusters.

o
o

o
n

+ P1 is relatively more frequent in C6.3
and signifcantly less frequentin C6.6

O
FS

+ P2 is relatively less frequentin C6.3
and 6.4, and significantly more
frequentin C6.5.

Ratio of occurrences
o
w

o
N

o
(Y

o

+ P3 is significantly less frequent in
C6.5.

C6.1 C6.2 C6.3 C6.4 C6.5 C6.6

+ P4 is relatively less frequent in C6.5.

+ P3 and P4 are significantly less

frequentin C6.5.
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Proportions of patterns

in Clusters 2/2

, Pattern proportions by clusters
% Proportons of 4 patterns differ for clusters.

o
o

% (6.1 and C6.2 have patterns in their
expected ratios. Other four clusters are
different.

o
n

o
FS

% (6.3 contains relatively fewer examples of
P2 and relatively more examples of P1.

Ratio of occurrences
o (=)
N w

o
(Y

% (06.4 contains relatively fewer examples of

|5

o

C6.1 C6.2 C6.3 C6.4 C6.5 C6.6

% (6.5 contains significantly (and even
drastically) more examples of P2, and
relatively fewer examples of P3 and P4.

% (06.6 contains significantly fewer examples
of P1 and relatively more examples of P4.
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Individual responses to P1 1/2
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Individual responses to P1 2/2
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Individual responses to P2
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Individual responses to P3 1/2
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Individual responses to P3 2/2
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Individual responses to P4 1/2

0.70

060 |

050 !

fo.ao -

030

Proba

0.20

0.10 |

000 -

(2.0

13.2)

0326-p4-1

(4.3)

[1,0]

[2.1)

13.2)

(4.3)

0044-p4-1
060
050
LR RN
040 —
y g —_—
n % 030
P
— -
seeyg
— 0.20
_n
—,
0.10
005
000 0.00
(1.0} 2.1) 3.2) 14.3) (1.0] 12.1) 13.2) 4.3)
0326-p4-3 0377-p4-3
0.60 070
’
0.50 0.60
—_—
— 050 |
0.40 —
5 ! f 040 ——
3 030 P ~ seerg
2 ssesgp g o;o
——
0.20 n
0.20 ———p
—$
0.10 — 0.10
0.00 0.00

(1.0

[2,1) [3.2)

[4.3)

© Kow Kuroda

(1.0

[2.1)

13.2)

[4.3)

76



Individual responses to P4 2/2
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Individual responses 1D=0022 (V= iku (go))

Probability
o o e o o
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Individual responses 1D=0026 (V= shiru (know))
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Individual responses 1D=0040 (V= oshieru (teach))

ooooo
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Individual responses 1D=0044 (V= kanjiru (feel))
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Individual responses ID=0116 (V= kotaeru

[answer))
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Individual responses [D=0131 (V= sagasu
search))
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Individual responses 1D=0326 (V= damaru

(become silent))

0326-pl1-1 0326-p4-1

(1.0) (2.1) 3.2) (4.3) (1,0 12.1) (3.2) [4.3)

0326-p4-3

©w Kow Kuroda 85



Individual responses 1D=0338 (V= makeru (lose))
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Individual responses 1D=0377 (V= tsutawaru
spread, travel, get transmitted )}
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Individual responses 1D=1147 (V= shiri-au (know

each other))
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Individual responses 1D=1147
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Individual responses 1D=1197 (V= kansen-suru

(contract))
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‘Someting like) Conclusions

% | can’t give you here what people can normally call “conclusions.”

%+ But I believe | provided pieces of evidence to argue that

+ human responses to systematically generated stimuli on a larger scale
are more complicated than linguists thought to be,

+ they deny easy explanations.

+ The two classes of deviant stimuli didn’t correspond linguistically
conceivable classes of deviance.

+ they call for effective method of analysis and interpretation.
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Future work

2+ For this pilot study, I will make
+ investigation of how responses vary for particular verbs.

+ investigation of how responses vary for particular patterns/
constructions.

+ investigation of what classes raters belong to, trying to find social
attributes that affect .

+ And of course | will run the main survey with expanded scope

of variabilities
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Additional Note

< Our submission to LREC 2018 on these results was
rejected.

% | was surprised to know that
+ [ was expected to explain what acceprabiliry is.

+ | was expected to explain why even professional linguists are
not well suited to produce deviant sentences systematically.

+ If'these are really the cases, give me more space to talk about it.
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Thank you




